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— #3 Visualisering og WordCloud

Lidt teori om Machine Learning

@velse (Start)
— #4 Spam / Ham
— #5 Spam / Ham / Malpinde
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l'\
|
DATAKOMMUNIKATION

EN UDDANNELSE PA TECHCOLLEGE

Slide 2



Hvordan laerer mennesker? Inputs:

Se
* Vilaerer baseret pa vores sanser. Lugte
* Erfaring dannes ud fra oplevelser fra ?:\gege
sansetr. Fole

Hvordan laerer vi af erfaring?

* Vi oplever gode og darlige sanse inputs
som former vores handlinger fremover.

Hvordan laerer vi at laese?

ABCDPEFGH |
> /KLM

* Vi sermgnstre i tekst og laerer at
genkende mening bag ord og seetninger.
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Hvad er Machine Learning?

Contains
| patterns |

|
|

* Mgnster genkendelse

* Blackbox for de fleste: Den bestar
af en matematisk model der
outputter en valgmulighed alt
efter input.

Data

Finds Recognizes
| patterns | | patterns
Machine
~ learning Model
\algorithm /
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Application +——
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Supplies new
data to see if it
matches known
patterns
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Al vs. ML
 Artificiel Intelligence (Al)

— Fa maskiner til at "taenke”

— Strong Al
* Artificial General Intelligence (AGI)

— Weak Al

* Begreenset til specifik anvendelse

 Machine Learning (ML)
— Leer fra data

Artificiel Intelligence

Machine

* Verden er meget stgrre end hvad dette fag Learning
kommer igennem (eller hvad

underviseren ved)
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En del af en st@rre rejse

SELF GUIDE TO BECOME A
DATA ANALYST

BUSINESS UNDERSTANDING ’EE

DATA ETHICS & PRIVACY g
SOFT SKILLS ’é” [E]
MACHINE LEARNING LIBRARIES ‘f\
EXPLORATORY DATA ANALYSIS ’@ E]

DATA PREPARATION & VALIDATION é [B

DATA VISUALIZATION TOOL [/ |
(POWER BI/TABLEAU) L=d] [E]

SQL & DATABASE %, [Z]
PYTHON [E]

EXCEL BASICS a @

MATHS&
STATISTICS @@ E]

DATA SCIENCE BRAIN ™

l’\
|
DATAKOMMUNIKATION

EN UDDANNELSE PA TECHCOLLEGE

Slide 6



4 paradimer: Supervised
e Supervised

—Nar man traener modellen, ved at
vise den svaret.

Flash card
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4 paradimer: Unsupervised
* Unsupervised

— Nar man traener modellen, hvor den ikke har svaret.

Repekition is +he mother of all learning.
Repetition is the mother of all ‘9{4};‘\}"\3,
RQ/PQ/I-iHon is +he mother of all le;\n\ing.
Repetition is +he mother of Al |w\ming.

RQ/P@H'HOA is +he mother of Al lw\ming.
Repetition is the mother of Al ‘w\mir\g.
Repedtition is +he mother of Al lw\ming
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4 paradimer: Reinforcement T

i

* Reinforcement g 41

—Nar man treener modellen, ved Enwrc:rnment
at seette den i et miljp og giver

den feedback baseret pa dens
handlinger Rey,
ary

Interpre

env:r‘onmemL
State \..,:.J
agent p Y

. ( Agent

; rewards 1’ “
% : | ’4“.
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4 paradimer: Deep learning

Deep learning algoritmer finder selv sammenhaengeni dataen

Det ggr dem meget darlige at bruge til at I@se specifikke opgaver

De er gode til at finde sammenhangi keempe mangder af data, som vi ikke kan se
en sammenhangi.

Neurale netveerk: Layers, bias, weights, hidden layers

Machine Learning

i

Input Feature extraction Classification Output

Deep Learning

E E E DATAKOIVIIVIUNIKATION

Input Feature extraction + Classnﬁcatlon Output EN UDDANNELSE PA TRGHCOLLECE




Learning by doing
@velse #4: Spam / Ham

Supervised Learning
Tutorial med faldgruber
Prgve at bruge scikit-learn uden at kende teorierne bag

l’\
|
DATAKOMMUNIKATION

EN UDDANNELSE PA TECHCOLLEGE

Slide 11



Data processing

Import the required packages

Loading the Dataset

Remove the unwanted data columns

Preprocessing and Exploring the Dataset

Build word cloud to see which message is spam and which is not.
Remove the stop words and punctuations

Convert the text data into vectors
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Building a sms spam classification model

Split the data into train and test sets
Use Sklearn built-in classifiers to build the models
Train the data on the model

< Dataset >
Evaluate model(s)

Make predictions on new data n
Training Set Test Set
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